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ChatGPT (a.k.a GPT-3.5)
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+ sLLM(smaller Large Language Model): 1~20B A0 S43g HH{D 0| YEAH EUE
«  AMIE Cfshn Alpaca, Databricks@| Dolly, Vicuna(13B), KoAlpaca &
+  H|H2[CH| EleutherAl: GPT-J, Pythia, Polyglot-Ko(1.38, 3,88, 5.88, 12.88) S
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E'JE )6' '5 j(l‘OIjl‘ ﬂ% Table 8: Human evaluation of the Chinese answers of different models.
Comparison Win Tie Lose
Phoenix vs. ChatGPT 12 35 53
Phoenix vs. Baidu-Wenxin M 25 46
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